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Fall 2015 • vol 9.3 ation tool used to understand and promote transformational change when faced with challenging circumstances. 8, 9 To accomplish this, AI facilitates participants to focus on what works well in a partnership, energizing people by highlighting strengths and challenges. First, AI facilitates a positive discussion regarding a challenging situation. This creates a supportive context in which individuals feel comfortable sharing problems on an equitable level 10 to build trust. Then, AI focuses on developing future innovative strategies to empower all participants to turn shared strategies into reality 11 and promote positive change. 10, 12, 13 AI is similar to CBPR and participatory evaluation methodology. It is systematic by design meaning that plans and protocols are conducted in a cyclical and iterative process. 10, 14, 15 AI encourages participants to equally share their optimal experiences in the partnership which is consistent with the CBPR principle of co-learning and knowledge sharing. 14 Similarly, these methods contribute to the empowerment of all participants on an equal level through the group process of developing innovative strategies to promote positive change. 8 Various settings, including small nonprofit organizations, 16 community-based organizations, and medical institutions, 17, 18 have used AI. It has also been used in partnerships to build collaborative capacity. 19 However, no references could be found regarding the use of AI to improve relationships in challenging CBPR partnerships. The aim of this article is to describe how this evaluation method contributed to the strengthening and empowerment of ongoing and future community-university relationships in CBPR collaborations.
METHODS

Community-university Partnership
The partnership included one Pacific Islander-serving community-based organization and one university in PN is a patient-oriented health care method for addressing chronic diseases that focuses on early diagnosis, treatment, and rehabilitation. 22 PN is increasingly being recognized as a crucial intervention for early cancer detection and treatment. 23 When managed in a CBPR partnership (rather than hospitals), PN can result in increases in cancer screening for disparity populations. 24 To be successful, PN requires special staffing, resources, supervision, and collaborations. There was a shared leadership from the community (director) and university (program manager). The goals were set and implemented by the community partner and evaluation was provided by the university partner. The partners met monthly to discuss program challenges and strategize situations.
Program Challenges
Despite well-laid plans for the program, there were many reporting demands from the funder and staffing that resulted in anxiety among staff at both institutions. For instance, the ARRA mandated quarterly reporting of education and screening numbers, but processes to collect and report on these numbers were slow to be initiated by the partners. Furthermore, several staffing changes occurred in both institutions, resulting in program delays and difficulties with transition and com- Because of these changes, the partners experienced challenges in meeting several program aims. The need for the patient navigator to focus on education and recruitment caused a delay in the implementation of the community assessment.
With the approval of both partners, this role and allocated funds were reallocated to the university to hire the program assistant, and led to a revision of the community subcontract.
Despite this change and completion of the community assessment, fewer than one half (n = 100) of the proposed Tongan 
AI Implementation
In spring 2011, the university program manager attended an evaluation training during which AI was introduced and she shared her knowledge with the PN staff. They recognized the potential of AI to help them identify the strengths and weaknesses of the program outcomes and their collaboration.
Thus, upon mutual agreement of the staff, an external evaluator was selected based upon her experience in evaluation and knowledge of AI.
Three of the AI phases (inquiry, imagine, and innovate)
were used in the evaluation. The fourth phase (implementing innovative strategies) was not conducted because the AI evaluation occurred toward the end of the program. Individual and group interviews were designed with questions tailored to each AI phase. As shown in Table 1 
AI Data Collection Procedures and Analysis
All protocols, including a participant demographic questionnaire, individual interview, and group discussion guides, were developed by the evaluator and approved by the university institutional review board, which ensures the protection of human subjects. All individual interviews were conducted by the evaluator at private locations. They were digitally recorded, transcribed, and reviewed by the evaluator and an additional 
Summary of Strengths
Final Recommendations
In keeping with the AI framework, the participants CONCluSIONS AI adheres to many CBPR principles and evaluation processes, and thus can be a beneficial tool to promoting collaboration through challenging programs. Similar to CBPR and evaluation, AI is participatory and builds on the perspectives of everybody and involves a systematic and cyclical process. 3, 8, 15 AI and CBPR also facilitate co-learning in which participants share their different expertise and experiences. 2, 8, 15 The use of AI in the PN program reframed the participants' frustrations into opportunities to acknowledge mutual strengths. In this way, both AI and CBPR give participants an opportunity to contribute to the success of future CBPR collaborations. 3, 8, 15 In the end, the AI process helped participants equally address their current challenges, contribute to decision making, and renew their excitement about future CBPR collaborations.
Despite these findings, there are some limitations to this evaluation that should be noted. When using AI, practitioners recommend including all program collaborators in the process. 8 Given the challenges in understanding funder flexibility, the partners might have also benefited from the inclusion of the grants and contracts staff who directly interacted with the funder. Another limitation was the initiation of AI at the end of the program. Similar to other evaluation approaches, when applied earlier, AI can identify areas for ongoing program adjustments and improvements. 27 As a result, the participants were unable to use the AI findings to improve PN management and outcomes.
Overall, the PN program experience underscores the usefulness of AI to promote stronger relationships in challenging CBPR partnerships. AI benefits have already been demonstrated in organizational settings. It holds great promise in strengthening key processes of CBPR, including capacity building, 17 vision and values clarification, strategic planning, 28 and promoting participant retention in programs. 
